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Abstract: Recent surface-water and flash floods have caused millions of pounds worth of damage in
the UK. These events form rapidly and are difficult to predict due to their short-lived and localised
nature. The interdisciplinary Flooding From Intense Rainfall (FFIR) programme investigated the
feasibility of enhancing the integration of an end-to-end forecasting system for flash and surface-water
floods to help increase the lead time for warnings for these events. Here we propose developments to
the integration of an operational end-to-end forecasting system based on the findings of the FFIR
programme. The suggested developments include methods to improve radar-derived rainfall rates
and understanding of the uncertainty in the position of intense rainfall in weather forecasts; the
addition of hydraulic modelling components; and novel education techniques to help lead to effective
dissemination of flood warnings. We make recommendations for future advances such as research
into the propagation of uncertainty throughout the forecast chain. We further propose the creation of
closer bonds to the end users to allow for an improved, integrated, end-to-end forecasting system
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that is easily accessible for users and end users alike, and will ultimately help mitigate the impacts of
flooding from intense rainfall by informed and timely action.
Keywords: flooding; intense rainfall; end-to-end forecasting; public outreach; radar; hydraulic
modelling; numerical weather prediction; data assimilation
1. Introduction
Flooding is one of the leading global natural hazards and can result in loss of life and devastation
(e.g., [1]). In 2007, the UK experienced some of its worst summer flooding leading to “the largest
peacetime emergency since World War II” [2]. Much of this flooding was due to large-scale storms;
however, flash and surface-water flooding also occurred. That summer’s events caused an estimated
£4 billion (8 billion USD) in damages [3].
In the aftermath of the 2007 floods the Pitt Review [2] was commissioned to examine the events
that led to the flooding. The review considered many different perspectives of the flooding, e.g.,
forecasting, defence and response. The Pitt Review was set up with the premise of improving the
services and warnings for those communities directly involved with the flooding, from the first
responders to the flood victims. The review made 92 recommendations on improving all areas
including flood forecasting, response and preparedness actions that local government and citizens can
take. One of the key recommendation themes to come out of the review was the need for co-operation
of meteorological and hydrological agencies in both research and practice.
The Flooding From Intense Rainfall (FFIR) (throughout this article the acronym is only used
as a direct reference to the project and not to the phenomenon) programme arose (in part) out of
that key recommendation. The FFIR programme is a partnership between university researchers
and the UK Met Office, with the universities being funded by the Natural Environment Research
Council (NERC), and ran from 2013 to 2019. The programme consists of multiple researchers across
a number of universities and disciplines. The researchers and Met Office worked closely with the
UK Environment Agency (EA), Scottish Environmental Protection Agency (SEPA), Natural Resources
Wales (NRW), Flood Forecasting Centre (FFC), Scottish Flood Forecasting Service (SFFS), Health and
Safety Laboratory, Centre for Ecology and Hydrology, British Geological Survey, JBA consulting,
Jacobs, Public Health England and European Centre for Medium Range Weather Forecasting
(ECMWF). The programme has also had strong advice and direction from international agencies
including Météo France, Deutscher Wetterdienst (DWD, Germany), Norwegian Meteorological
Institute, European Commission Joint Research Centre (JRC), High resolution limited area modelling
consortium (HIRLAM), Swedish Meteorological and Hydrological Institute (SMHI), Centre de Recerca
Aplicada en Hidrometeorologia (Spain), and Rijkswaterstaat (Netherlands).
The FFIR programme considered end-to-end flood forecasting to further our understanding of
these types of events and how to predict and manage them. An end-to-end flood forecasting system
is one in which forecasts of different components of the earth system are linked, e.g., hydrological
and meteorological forecasts for flood forecasting (see Hill et al. [4] Chapter 8). The FFIR programme
considered end-to-end forecasting as each stage in the forecast chain from observations through to
the flood warnings and impacts (Section 3.2). The resulting actions to the warnings and the groups
responsible for those actions are not considered within the scope of the FFIR programme. The FFIR
programme’s view is but one of many views of what an end-to-end forecasting system is. The FFIR
programme also aims to produce tools that assist the education of the public about flooding from
intense rainfall, from looking at susceptibility of catchments in the past to helping identify the risk of
susceptibility to floods in real-time, thus enhancing the end-to-end forecasting chain.
End-to-end forecasting has been around for some time and many meteorological or hydrological
centres have some form of operational end-to-end flood forecast (e.g., [5,6]). The more sophisticated
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end-to-end forecasts go further down the chain, i.e., they include hydraulic components either through
a look-up library of static flood maps (e.g., [7,8]) or by running hydraulic models (e.g., [4,9]). Thus the
FFIR programme develops the end-to-end forecasts by improving stages in the forecasting chain and
the overall integration of such systems, with a specific focus on small-scale intense rainfall events that
lead to flooding in high-resolution models.
The FFIR programme consists of three components. It first considers the meteorological
(Forecasting Rainfall exploiting new data Assimilation and Novel observations of Convection:
FRANC) and hydrological aspects (Susceptibility of catchments to INTense RAinfall and flooding:
SINATRA) separately before combining the results (Towards END-to End flood forecasting and a
tool for ReaL-time catchment susceptibilitY: TENDERLY) and considering how the improvements
in FRANC and SINATRA feed into the end-to-end forecasting chain. In this manuscript we make
recommendations for improving the integration of an end-to-end flood forecasting system based on
the work completed during the FFIR programme. The works that are direct outputs from the FFIR
programme are marked with an asterisk (*) to distinguish them from other referenced work. We begin
by defining flooding from intense rainfall (Section 2). We then discuss the UK operational end-to-end
flood forecasting system prior to FFIR, which is more focused on large-scale and coastal flooding
(Section 3.1). The system proposed for flooding from intense rainfall is broadly discussed in Section 3.2.
We then consider if it is possible to have any large-scale indications of when the full high resolution
(i.e., including hydraulic components) end-to-end forecasting system should be used several days in
advance in Section 4. The improvements from the FFIR programme are considered in the following two
sections with improvements from radar observations, and data assimilation through to the weather
forecasts being considered in Section 5 and downstream applications such as catchment susceptibility,
hydraulic modelling, model connectivity (to allow for improved integration), and public engagement
in Section 6. The key recommendations from the FFIR programme are discussed in Section 7 before a
summary is made in Section 8.
2. Definition and Examples of Flooding From Intense Rainfall
We define flooding from intense rainfall as flooding caused by a short-duration extreme rainfall
event. The intense rain is produced from convective storms (e.g., thunderstorms), and often lasts
a few hours at most. Therefore the criterion required for a flood to be classed as a flooding from
intense rainfall event is that it is produced by convective rainfall. This definition is intentionally
broad. We do not specify a duration or intensity to distinguish convective rainfall from other types of
rainfall as the specification of such thresholds is largely arbitrary and can vary between case studies
depending on the models used. Flooding from intense rainfall typically describes two key types of
flooding: surface-water flooding and rapid-rate-of-rise river flooding. The amount of rainfall required
to produce a flood will depend on the catchment area, soil or drainage permeability and the antecedent
conditions. Table 1 provides examples of flooding from intense rainfall events in the UK, illustrating
the variety of durations and rainfall totals that fall within the typical range for these type of events.
Table 1. Examples of UK rainfall events that led to flooding from intense rainfall, and the type of
flooding it led to.
Event Flood Type Rainfall Type RainfallTotal (mm)
Rainfall
Duration (h)
Boscastle 2004 [10] Rapid-rate-of-rise river flooding Convective 183 5
Newcastle 2012 [11] Surface-water flooding Convective 50 2
Coverack 2017 [12] Rapid-rate-of-rise river flooding Convective 165–201 3
Reading 2017 [13] Surface-water flooding Convective 39 1
Flooding from intense rainfall events tend to happen more frequently in the summer (June, July
and August; e.g., [14]) but can occur at any time of the year (e.g., [15])*. For more classifications and a
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historic record of flooding from intense rainfall events refer to [16]*. Due to the nature of flooding from
intense rainfall events (being caused by convective storms which are short-lived and localised events)
these floods are hard to predict from all aspects of the forecast (e.g., [17]). Therefore, an end-to-end
forecasting system that takes into account the uncertainty would be a useful (and necessary) tool for
end users of flood forecasts (see Section 7).
3. End-to-End Flood Forecasting in Practice and FFIR Programme End-to-End Flood
Forecasting System
To be able to see improvements and how the recommendations produced by the FFIR programme
fit into practice, we describe the UK operational system prior to the commencement of the FFIR
programme (Section 3.1; Figure 1a) before discussing the FFIR end-to-end forecast (Section 3.2;
Figure 1b). The UK operational system has been chosen due to the close ties of this work with
the Met Office and the EA. However, the recommendations and implications of the work presented in
this manuscript are widely applicable, and the UK system is broadly similar to other existing systems
(e.g., the Swedish, French and Australian systems; [5,18,19], respectively).
UK Operational System (prior to 2013)a) b) FFIR System
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Figure 1. Schematics of end-to-end flood forecasts: (a) the UK operational system prior to the start of
the FFIR (Flooding From Intense Rainfall) programme in 2013 and (b) the FFIR proposed vision for a
national end-to-end forecast for flash and surface water flooding. Arrows represent the links between
the different boxes. Purple items are those considered by the FFIR programme directly, blue (regardless
of shade) boxes are the items that have not been directly researched/changed by the programme and
red boxes indicate the output to the end user. The land-surface modelling is operationally run as part
of the NWP (Numerical Weather Prediction) model so is thus included within that box.
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3.1. Flood Forecasting in the UK Prior to FFIR
Recommendation six of the Pitt Review was the creation of a joint Met Office and EA (plus SEPA
for Scotland) centre to advance flood forecasting capabilities [2]. These joint centres became known
as the FFC and SFFS; they have formed the operational flood forecasting practice in the UK since
their formation in 2009. Flood forecasting in the UK is continually being developed (e.g., [20,21]),
thus the focus here remains on the operational system prior to the start of the FFIR programme in
2013. The discussion of the UK flood forecasting practice prior to the start of FFIR is because many
aspects of the FFIR programme have become part of the current operational system, or aspects of FFIR
were designed to run alongside with the proposed developments at the time. Recent updates to the
operational flood forecasting practice for the FFC and SFFS can be found in [6,8], respectively.
When the FFC and SFFS were first setup the science of integrated flash flood forecasting (i.e.,
beyond the weather forecast) was just beginning to gain momentum. Thus the initial structure was
developed to support fluvial and coastal flood forecasting. A schematic of the 2013 operational system
is presented in Figure 1a. As with all weather forecasting, and end-to-end forecasting, we begin with
the observations. The operational system uses both meteorological and hydrological observations (e.g.,
temperature, rainfall, pressure, wind, river levels) and also includes observations that are derived from
radar and satellites. The meteorological observations are then combined with the previous output
from the Numerical Weather Prediction (NWP) model using sophisticated mathematical algorithms to
find the best starting conditions for the next forecast, in a process known as data assimilation. A review
of operational variational schemes are presented in [22]. Using the initial conditions derived from
data assimilation the NWP model is then used to create a weather forecast. For the Met Office the
NWP model used is the Met Office Unified Model (MetUM; [23–26]). The MetUM is used either in
deterministic mode (where a single forecast is run) or in ensemble mode (where multiple forecasts,
with subtle changes to them, are run for the same event, [27]). This produces the weather forecast
(for which severe weather warnings for rain, wind, temperature, etc. are derived) and also the input for
the hydrological model (the Grid-to-Grid model; [28,29]) where either the single deterministic forecast
is used as input or all members of the ensemble are used as input. The Grid-to-Grid model simulates
the surface runoff and river flow in the UK and helps to determine where there is increased flood risk.
Should the Grid-to-Grid model indicate a flood risk, a catchment model is then run using data from
the rainfall forecast and radar. This flood risk is then communicated through the daily Flood Guidance
Statement (issued by the FFC and SFFS); National Severe Weather Warnings (issued by the Met Office
in conjunction with the FFC/SFFS for heavy rainfall); flood alerts and flood warnings (issued by the
EA/SEPA).
3.2. Improvements from the FFIR Proposed System
The FFIR proposed end-to-end forecasting system (Figure 1b) is superficially similar to that of
the current operational system (Figure 1a). This similarity arises in part due to the first stages of the
forecasting chain being a tried and tested method [6] and thus a strong starting point for such a system.
The additions, apart from the added capability of being able to produce warnings for flooding from
intense rainfall, of the FFIR system to the operational system described (Section 3.1) are set out below
• improved quality of radar-derived rainfall.
• Greater usage, and more, river and geomorphic observations used within the models.
• More data being applied within the data assimilation system,
• better ways of treating the data used with the assimilation process including better treatment of
correlated data.
• Improved representation of convection in kilometre-scale NWP models.
• Improved understanding of variability within kilometre-scale NWP models leading to more
appropriate warnings.
• Improved infiltration rates for land surface modelling, leading to better links to the runoff for
hydrological models,
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• data assimilation of soil moisture in the model,
• more observations and data being fed into the national-scale flood models and catchment models,
• use of urban models for modelled inundation maps.
Many aspects of the FFIR proposed system have become operational in their own right (e.g., radar
improvements, Section 5.1) and these are indicated throughout the following sections. Other aspects
such as the data assimilation of soil moisture and links between land surface modelling and hydrology,
although researched within the programme (e.g., [30,31])*, are not covered within this article due to
the results not directly considering flooding from intense rainfall. This was because the models/data
used were not able to represent the small scales at which flooding from intense rainfall occurs.
4. Improving the Lead Time for Flooding From Intense Rainfall Forecasts
One of the challenges of forecasting flooding from intense rainfall is the short lead time between
identifying a convective feature in the NWP model that could lead to flooding, and the flooding
occurring. Being able to identify weather systems further in advance that have the potential to result in
flooding from intense rainfall would enable increased preparedness. This could be achieved through
raising the awareness of a potential event to flood forecasters in advance, increasing the number of staff
on operational duty, or running the more computationally demanding urban flood models. Therefore
the FFIR programme looked for indications of whether flooding from intense rainfall was likely to
occur days in advance.
The main drivers of winter rainfall are extra-tropical cyclones (e.g., [32]) and UK winter flooding
has been linked with Atmospheric Rivers, bands of intense moisture transport within the warm sector
of these cyclones (e.g., [33]). However, the most intense summer rainfall events based on an assessment
of daily rain gauges are not found to be associated with these larger-scale atmospheric features [34]*.
Therefore, different drivers such as moisture convergence [35] and stability [36] are more likely to have
an influence on the large-scale weather conditions leading to flooding from intense rainfall.
Investigations within the FFIR programme looked at the atmospheric conditions that would
lead to a potentially unstable atmosphere, thus increasing the chances of convective processes being
triggered. The focus was on large-scale processes that could be identified days in advance rather than
the small-scale processes that can only be identified a few hours in advance.
The results of the study, which uses the quality controlled rain gauge observations from [15], are
discussed in detail in [37]*. The results showed that the processes that lead to extreme rainfall events
depend on the location of the event. Over the North-West of England orographic effects were more
important, and the rainfall events could be associated with the presence of a high in the geopotential
height at 200 hPa over the UK and Western Europe. This “high” was seen up to five days prior to the
rain event. However, for the South-East of England the presence of locally high moisture anomalies
were required and no large-scale precursor was found.
Despite the lack of indicators five days in advance (on large scales) for some forms of flooding
from intense rainfall, there may be some indication of convection present in forecasts up to 48 h in
advance. If this indication is present then it may still be worth running a high-resolution end-to-end
forecast (i.e., with hydraulic component) as an early indicator, as opposed to fully relying upon it with
6–12 h notice.
5. Improvements and Lessons for Weather Forecasting Capabilities in an End-to-End System
The initial stage of the end-to-end forecast focuses on the meteorological component of flood
forecasting. First the observations of the rainfall are considered through the use of weather radars and
improvements to the UK radar network (Section 5.1). Secondly the process by which the observations
are optimally combined with a previous forecast (i.e., data assimilation) is considered (Section 5.2).
This data assimilation process will produce the best initial starting point for the weather forecast.
Finally, the uncertainty of the weather that leads to flooding from intense rainfall is considered; this
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is achieved via predictability experiments to show how different the forecasts of rainfall could be
(Section 5.3).
5.1. Improved Rainfall Estimates from Radar
At the start of the end-to-end forecasting chain (Figure 1b) are the meteorological observations.
Traditionally, rainfall at the surface has been measured using rain gauges, however, these only provide
point coverage. This limitation of an operational rain gauge network is shown in Figure 2 where a
significant flood event (Coverack Flood: 18 July 2017) was missed with the operational rain gauge
network. The spatial coverage needed to capture extreme rainfall events would require a rain gauge
network with very high spatial density; instead we turn to weather radars to detect and measure
rainfall with large spatial coverage as satellite-derived rainfall observations have limited coverage
within this region.
Figure 2. Radar-derived rainfall over the South-West peninsular of the UK, at 1545 UTC on 18 July 2017.
The circles indicate the position of rain gauges, the colour scale refers to the radar-derived instantaneous
rainfall rates in mm h−1.
The UK weather radar network has recently undergone a major upgrade, now having 16 radars
(15 operational and a testing and research radar), all dual-polarisation, Doppler capable operating at
C-band (wavelength of 5.6 cm) with a 1◦ beamwidth. This provides coverage of rainfall estimation for
99% of the UK population, most of this area with 1 km spatial resolution (Although the raw data is
available at a resolution of 75 m for much of the UK) and 5 min temporal resolution. The upgraded
radars have the addition of dual-polarisation, i.e., they can transmit and receive vertically and
horizontally polarised microwaves. This ability gives a number of new radar parameters over just
reflectivity, and provides new data to improve the quality and accuracy of the surface-rainfall estimates
(e.g., [38]).
The FFIR programme has included a number of developments for the radar network, aimed to
improve the rainfall estimates from heavy rain. These developments include
• The correction and improved quality of the radar-derived rainfall rates to account for
non-meteorological effects (e.g., insects, birds, trees, buildings) on the signal [39]*.
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• Using the radar as a radiometer for attenuation estimation, to correct in heavy rainfalls, but also
monitor the radome as first described in [40].
• Using newly available polarisation parameters to improve the conversion from radar reflectivity
to rainfall rate [39]*.
• Improved radar scanning strategy to allow for radar refractivity measurements to be taken and
hence allow measurements of boundary-layer moisture from the radar [41]*.
• Better accounting for variations in the raindrop size distributions [39]*.
These corrections have been implemented operationally between 2014–2018 by the Met Office to
improve national-gridded estimates of rainfall from radar [39]*. The improved estimates are then used
later in the forecasting chain and more directly by users from first responders to the public.
5.2. Improving the Initial Conditions for Weather Forecasts
To initialise a forecast, observations are combined with previous model predictions, taking account
of their relative errors, using sophisticated mathematical algorithms known as data assimilation.
To provide accurate forecasts of the meteorological conditions that can lead to flooding from intense
rainfall it is necessary to assimilate observations that provide us with information about the factors
that lead to the formation of rainfall events, where and how fast rainfall events are moving, and also
their depth and spatial coverage.
Work in the FFIR programme has considered how to include novel observations in the data
assimilation schemes. For example, the Met Office are developing and testing an improved technique
for the assimilation of radar reflectivity observations directly into the NWP model [41,42]* rather than
through the latent heat nudging method [43] used currently.
The research has also shown that it is possible to use more of the existing observations, through
improved uncertainty quantification, to improve the data assimilation output. Methods for estimating
observation error uncertainties have been theoretically evaluated [44–46]*. These methods have then
been applied to estimate observation uncertainties for Doppler radar radial winds, satellite radiances
and atmospheric motion vectors [47–49]*. Using these new uncertainty estimates allows observations
to be assimilated at increased spatial density which allows us to capture small-scale features such as
those which can cause flooding from intense rainfall [50,51]*. This gives greater chance of convective
initiation to occur in an NWP model.
5.3. Variability within Weather Forecasts
With improved representation of the data used to initialise the forecast and higher-resolution
forecasts, weather forecasts are significantly improving [52,53]. However, in modelling the atmosphere
at higher resolutions any errors in the forecast grow rapidly (e.g., [54,55]). To help determine
the uncertainty in the forecasts we consider an ensemble of weather forecasts, which should all
be equally likely to occur (e.g., [56]). These are created by changing the initial and boundary
conditions and including some form of representation of model uncertainty. These changes are
associated with our understanding of the physical atmosphere and the uncertainty in the observations.
However, ensembles only become useful if there is an understanding of the uncertainty of the events
being forecast.
Throughout the FFIR programme the forecasts of convective storms have been examined in
kilometre-scale ensembles. The location of the intense rainfall event varies in each ensemble member.
Some events show more locational predictability, with the storms occurring in a similar position in
the different ensemble members. On the other hand some events show less locational predictability
with storms occurring in very different places between the different ensemble members [57]*. For 85%
of the cases examined the meteorological conditions are close to convective quasi-equilibrium which
means that there is more likely to be relatively large uncertainty in the position of the rainfall events
(e.g., [57,58])*. This locational uncertainty has impacts for identifying areas most at risk as the potential
area at risk could cover large urban areas, with one area being more susceptible than another area,
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or multiple catchments. This result impacts the interpretation of the rainfall forecast and the other
forecasts further down the end-to-end chain. The impact is noticed as uncertainty in the precipitation
feeds into the uncertainty in surface runoff and hence onto the inundation extent. Table 2 indicates
the uncertainty associated with precipitation and subsequent runoff based on an area over Cornwall
(depicted in Figure 2) for the Coverack flood by considering the rainfall accumulation and runoff
between 1300 and 1500 UTC generated by the MetUM. The larger runoff values compared to the rainfall
reflects the runoff occurring from an accumulation of rain in surrounding grid points, as opposed to
at a single point like in the rainfall. This range in precipitation and runoff not only helps to motivate
the need for considering ensembles for an end-to-end forecast but it also shows that there is large
uncertainty (particularly when comparing the maximum and minimum with the mean) which is being
fed into the models further down the end-to-end chain.
Table 2. Maximum, mean and minimum of rainfall and runoff accumulations between 1300 and 1500
UTC on 18 July 2017 (T + 22–T + 24) forecasts. The values are generated from an ensemble (run with
the MetUM) with 144 members (further details in references [59,60])*. The values are taken from
all members and all points within a 26 × 26 grid points (57.2 km × 57.2 km) region, as all of these
accumulations are equally valid over the grid point containing Coverack. Both the rainfall and the
runoff have been generated by the MetUM.
Rainfall (mm) Runoff (mm)
Maximum 22.8 83.3
Mean 2.4 3.3
Minimum 0.0 0.0
6. Downstream Applications in the End-to-End Forecast
Up until now the improvements indicated in this article have either been implemented in the
current operational system, or will equally apply to the current and proposed systems. The next
stage in the end-to-end forecast is to use the meteorological forecasts described in the previous
section to determine the risk of flash flooding within catchments and urban areas. Catchments
susceptible to flash flooding can be determined using statistical indicators, especially catchment slopes,
we discuss these indicators in Section 6.1. The catchments and urban areas susceptible to flooding
can be handled in more detail using hydrological and hydraulic modelling to determine the locations
most at risk (Section 6.2). Finally, for the end-to-end forecast to be successful it must be communicated
in a way which is useful to agencies responsible for mitigating flood risk, and also to the general
public. The FFIR programme’s activities for public engagement to improve this communication are
discussed in Section 6.3. These improvements are in areas that go beyond the current operational flood
forecasting system.
6.1. Susceptibility Indicators in Landscapes
There have been a number of studies that have explored the link between the morphological
characteristics and the flood response of catchments. For example, the UK Flood Estimation Handbook
(FEH) rainfall-runoff method, widely used by practitioners to estimate flood risk, relates a catchment’s
rainfall response to its attributes including channel length and slope, derived from a statistical analysis.
While such approaches can provide insight into morphological controls on hydrological response,
there are limitations in applying such statistical analyses to rare flash flood events [61]. Analyses
of historical extreme flow events in Europe have, however, identified catchment steepness as a key
characteristic, causing the rapid concentration of flows, and through the orographic enhancement of
rainfall and the anchoring of convective events [62].
Collier and Fox [61] developed a simple scoring technique to assess the vulnerability of
a catchment to flooding from extreme rainfall. The additive scoring system considered static
morphological variables relating to slope, land use and soil type, and dynamic variables relating
Water 2019, 11, 725 10 of 19
to soil moisture as well as storm characteristics. One of the shortcomings of this method is that each
variable is given equal weighting, but some variables have a greater influence in the formation of flash
floods [63]. However, this approach does provide a useful screening tool for catchment susceptibility,
and we have been developing a metric that does not prescribe equal weighting for each variable, but
a weighting that depends upon the river catchment itself, to provide a tailored metric for catchment
susceptibility for intense rainfall.
6.2. Improving Representation of Connectivity in Landscape Models
To identify the locations that are at risk of flooding from intense rainfall, hydraulic modelling is
necessary to analyse how flood water propagates within a catchment. Rainfall observations (from radar
and rain gauges), NWP model data, and runoff estimations from upstream catchments (via hydrological
modelling or observations) are utilised to drive hydraulic simulations. Topography, urban drainage
networks and flood defences are all reflected in a hydraulic model set up to properly describe the
influences of these key factors (e.g., [64,65])*. These factors are all demonstrated in the representation
of the flooding extent from the Coverack 2017 flood (Figure 3). The data used to model the Coverack
flood was radar observations, the model (urban inundation model (UIM); [66]) was ran (offline) after
the event.
Figure 3. Hydraulic modelling, using radar observations, of the Coverack flood, showing the flooding
extent and depth for the village.
The use of flood inundation maps, such as (Figure 3), is a particularly useful component of the
end-to-end forecast. Figure 3 not only shows that the village would be cut-off from other areas, but also
the houses most at risk of flooding and the areas that would need evacuation and most help from the
first responders. This vital information allows more informed decisions to be made.
Established procedure can only apply high resolution (<5 m) hydraulic modelling to small areas
due to computational expense and run time. For example, a traditional hydraulic model such as
a George’s finite volume model can take 595 min to run a 5 m grid length, 10 h-simulation for a
catchment the size of Haltwhistle Burn (42 km2; [67])*. However, in the FFIR programme HiPIMS,
a hydraulic model which takes advantage of modern high-performance computing capabilities to solve
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the 2D shallow water equations [67]*, has been applied to the whole Eden Catchment with 5 m grid
resolution to simulate the flood event caused by Storm Desmond in 2015. This simulation took 36 h for
a 96 h event on a workstation with 6 graphic processing units. This aligns university research with
state-of-the-art capabilities in industry thus allowing closer collaboration in the future to improve the
use of hydraulic models in practice. With radar-derived rainfall or NWP as the only input and minimal
calibration applied, the simulation results matched the observations closely in terms of both inundation
areas and water levels at river channels. This study indicates that application of hydraulic models
over a large area is a promising way to increase the accuracy and reduce the uncertainty of flood
forecasting. It also demonstrates an expanding capability to be able to model multiple sub-catchments
simultaneously that could be at risk of flooding from intense rainfall depending on where the rainfall
occurs in a large catchment. It further indicates the possibility for use in large urban areas, whilst
the case used shows its advantages for adding value to the current forecasting system through the
accurate representation of large-scale flooding.
One important step towards integration in flood forecasting, and part of the proposed FFIR
end-to-end system, is the link between hydrological and hydraulic models. Investigations with the
FFIR programme has unidirectionally coupled the Dynamic TOPMODEL [68] and LISFLOOD-FP [69]
hydrological and hydraulic codes to see if this is a feasible method for linking hydrology and hydraulic
models. The unidirectional coupling is achieved by routing the time series of lateral inflows along the
river network (computed by Dynamic TOPMODEL) through the 1D subgrid network of the hydraulic
model (LISFLOOD). This unidirectional coupling is used to produce a flexible and computationally
efficient coupled hydrological-hydrodynamic modelling framework. The coupling aims to meet
the need for robust probabilistic flood predictions over catchment to national scales, and explicitly
represents relevant physical processes throughout a region. The modelling approach is highly flexible
in how the spatial-temporal rainfall-runoff processes are resolved, while being fully automated from
freely available raw data sets (utilising a suite of novel approaches for flood inundation model
construction and input specification) and maintaining computational efficiency essential for the
provision of probabilistic predictions. Due to the flexibility of this code, it is one of many frameworks
that could be used in the end-to-end forecast to improve integration. The use of this system would
depend upon the computational facilities and resolution required so may not be suitable for all
purposes. Coupling is a crucial step towards the idea of improving the integration in an end-to-end
flood forecast system as it will enable the transition from hydrological to hydraulic modelling to
become quicker and better able at handling uncertainties such as when a river channel’s capacity will
be exceeded.
6.3. Public Engagement
The success of any end-to-end forecasting system relies on the effective communication of
warnings, which leads to timely actions which in turn reduce the impacts on lives and property.
This requires a flood literate public, who understand the risks and are prepared to engage with
warnings and relevant agencies. The “Flash Flood!” applications [70]* were developed to allow
FFIR scientists to interact with the public in festival-like settings. Figure 4 shows “Flash Flood!” in
action at the Royal Society. The audiences at these events are usually school-aged children and the
focus was to build a positive experience of flood forecasting and science in general. The application
used data collected from the Thinhope Burn valley, which witnessed a geomorphically-active
flooding from intense rainfall event in 2007 [71], to build a 3D environment within the Unity-3D
gaming engine. The scene can be viewed via Virtual Reality (VR) and recreates the 2007 event
and shows the user before and after scenes. Flash Flood! has been successfully demonstrated at
national-level science festivals in the UK, such as the NERC Into the Blue and Unearthed science
showcases which were attended by over 11,000 members of the public. As well as the VR festival
version, desktop software (https://sourceforge.net/projects/flash-flood/files) and a YouTube version
(https://www.youtube.com/watch?v=23JPhz631Mc) are freely available, and suggestions for use in
Water 2019, 11, 725 12 of 19
school lessons can be found in [72]*. “Flash Flood!” has been particularly useful for engaging and
enthusing the public with issues of flood risk, in particular around the flood risk when it may not be
raining at your location (as with many flash floods), and future work will seek to formally assess the
effectiveness of the activity for improving flood literacy amongst the public.
Figure 4. Flash Flood! being demonstrated at the FFIR Showcase at the Royal Society in November 2018.
7. Limitations and Recommendations
The FFIR programme has considered the current state of end-to-end forecasting and how such a
system might function operationally, and within the programme of research some key improvements
have been made. However, there have not been improvements in all areas and the interdisciplinary
work has indicated that there is still a way to go for integrated interdisciplinary research to be fully
effective. This section provides an overview of the limitations of the programme (Section 7.1) and
highlights some key areas and knowledge gaps as recommendations for future work (Section 7.2).
7.1. Limitations of the FFIR Programme
As with all research projects the FFIR programme has overcome many (but not all) obstacles. These
challenges not only act to influence deliverables and goals of projects but also could indicate potential
problems for the end-to-end forecasting chain. The limitations influencing the FFIR programme were
• backward compatibility of models — this limited the availability of data from past events to use
for case studies and hence a full demonstration of the system was not viable;
• data consistency —much of the data had to be converted between different file formats for use in
the different components of the chain which added complications and delays;
• understanding of operational requirements — towards the end of the chain many of the models
were run offline so were not subject to the strong constraints or rigorous validation put on
operational systems. Whilst this is viable for individual research areas, when combining could
lead to compatibility problems due to updates in the operational system.
However, despite these limitations (which should be continued to be worked on) valuable future
areas of research have been identified to help improve the integration of end-to-end forecasts further.
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7.2. Recommendations
Within the three following subsections, we focus on the key recommendations from the programme:
more research into the propagation of uncertainty through the end-to-end chain (Section 7.2.1);
improved integration with the end users (Section 7.2.2); and a real-time demonstration of the FFIR
system (Section 7.2.3).
7.2.1. Propagation of Uncertainty
Many of the components, particularly data assimilation and NWP use an element of ensemble
forecasting to help express uncertainty in their respective systems. The use of ensembles is also useful
for generating probabilistic forecasts [56]. However, the question of how best to deal with an ensemble
in an end-to-end forecast poses many challenges. Namely, which aspects of uncertainty to focus on.
Generally, if one aspect of uncertainty is considered in one forecast, the output from that forecast will
need to be considered in the next stage of the chain. This consideration of uncertainty throughout
the forecasting chain then leads to the problem of rapidly escalating data volume and processing
time. However, there may be sophisticated post-processing methods (such as a neighbourhood
approach, some of which are discussed in [73]) that will enable a large ensemble without having
the number of members escalate too quickly, and potentially reduce the data volume. Work within
TENDERLY has examined whether this post-processing is possible for intense rainfall forecasts [60]*.
However, whether this form of post-processing is feasible for non-meteorological forecasts and how
the uncertainty propagates down the forecast chain remain important unanswered research questions.
It may also lead to potential problems with communicating probabilistic forecasts to the end users,
such as what the probabilities explicitly refer to. Probabilistic forecasts also lead to problems with
verification and given the cross-component nature of this work a standard probabilistic diagnostic
will need to be created that not only works for meteorological forecasts but also for hydrological and
hydraulic forecasts as well.
7.2.2. Improved Integration of End Users
At the end of the forecast the most important part is the final dissemination of warnings and
the responses of first responders and communities at risk. The value of flood warnings depends on
the level of accuracy, lead time and clear messaging provided. A dissemination system needs to be
flexible as the message, lead time and accuracy required by end users differs based on the user and
as the flood event unfolds. Expert users of an end-to-end forecasting system need to be skilled in
communicating model outputs in a way that supports decision making before, during and after an
event. There is not a “one size fits all” solution and current work (within the FFIR programme) is
examining the end user requirements of an end-to-end forecasting system. The flexibility of the system
necessitates the need to interact and integrate end users into the processes to find out what they need
and crucially what they understand to allow the message to become as clear as possible. However,
more research is still required within this area to produce the most appropriate integration and forecast
for all parties involved.
7.2.3. Real-time Demonstration of an End-to-End Forecasting System
The FFIR programme has demonstrated that an improved, and integrated, operational end-to-end
system is scientifically feasible, but the true test of its feasibility will be to put it into action through a
real-time demonstration. This demonstration could be in the form of an integrated case study (such as
Coverack 18 July 2017) to demonstrate the potential as a first step. Then it could be extended through a
multi-agency “exercise” of a past flood event, responding as in real-time, using the proposed end-to-end
forecasting system—this would require the involvement of representatives of all potential end users to
respond to the forecasts and communication thereof. The effectiveness of the end-to-system could then
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be evaluated against the response of the actual event, and any added value compared to the existing
operational system quantified.
8. Summary
Flooding from intense rainfall is a short-lived, localised natural hazard that is hard to predict
accurately and is the main focus of the joint NERC and Met Office FFIR programme. The technical
contributions of the FFIR programme to improving end-to-end forecasting for intense rainfall as outline
in this paper can be summarised under four themes: improved knowledge of vulnerability to flash
flooding, improved observations during events, improved forecasting of convection (which includes
the data assimilation improvements), and real time flood inundation modelling (Figure 5). Through
consideration of how these components link together in an end-to-end framework, the programme has
demonstrated the benefits of interdisciplinary collaboration and laid strong foundations for future
integrated research. These achievements will support improvements in the logistics of delivering
forecasts and warnings for flash flooding and will ultimately improve flood forecast and warnings
(Figure 5). We conclude that the current state of the science is such that further integration is
possible and a first attempt at an improved-integrated platform for flash flooding can be made for
demonstration purposes. However, there are still improvements, required before all the new research
components presented here can be used operationally. These improvements are not only linked to
the recommendations mentioned within this manuscript but also the real-time running of hydraulic
models on supercomputer platforms to ensure consistency with the NWP models (to allow for its use
in an operational context), and testing and validation of the complete system for multiple cases across
the country. Given these improvements required to make this system operational it is likely to be many
years before the proposed FFIR end-to-end system becomes a fully operational reality.
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Figure 5. The achievements from the FFIR programme and how they impact the end users and the
end-to-end forecasting chain. Whilst data assimilation has not been explicitly shown in this schematic
it is treated within the improved forecasts box.
We recommend that these improvements to the operational end-to-end forecasting system,
particularly focused on intense rainfall, should be a policy priority. Such a system would unify
all the components into a fully automated, rapidly updating framework, and this streamlined system
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would provide better information to improve decision making by end users. The present warning
chain relies upon the manual transfer of information between agencies, and the automated end-to-end
system would removed these potential points of failure. There are scientific and logistical barriers to
such a system, and we have proposed a way forward in bringing each of the components together,
including the following key recommendations
1. Research into the propagation of uncertainty through the end-to-end modelling chain.
2. Build closer relationships with and between users throughout the chain to better understand their
requirements from an end-to-end system to inform their response to flood events.
3. Real-time demonstration of the end-to-end system through testing on detailed case studies of
flooding from intense rainfall events.
Further advances could be made through the integration and pull-through of ideas presented in
the FFIR programme, and this article, into current projects considering earth system forecasting such
as UK Environmental Prediction (e.g., [74,75]) or impact modelling of hazards (e.g., [76]).
Through combined research across multiple disciplines the FFIR programme has not only helped
provide ways to improve the forecasts and representation of flooding from intense rainfall it has
also encouraged stronger links and greater understanding between all the communities interested in
flooding from intense rainfall (i.e., researchers, practitioners, policy-makers, the general public) thus
enhancing research, output and understanding for all involved.
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